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Bayes Error y average misclassification
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~Practice

Don't know P(y = k(x = =] !!!

EstimateIt !!!
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~rating Conditional Probabilities

kNN / sklearn. neighbors .

KNeighbors Classifier

Y Familiar

skleare .
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DecisionTreeDessifier INTERFACES
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~un Classification

· MOSTLY
The Same As Regression

· Focus on Estimating
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P(y = s(X = = = = [ [(ei =3)

Si : xi = Nk(x ,D)]
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↳ Depends who
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